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ABSTRACT - This research examines consumer 
perceptions towards digital credit applications in India, 
focusing on Buy Now Pay Later (BNPL) services, payday 
loans, and instant credit cards. Using a mixed-methods 
approach combining quantitative surveys (n=200) and 
qualitative case studies (n=8), the study investigates 
awareness levels, usage patterns, perceived benefits and risks, 
and trust factors across demographic segments. Findings 
reveal high adoption rates in urban India, with varying levels 
of financial literacy influencing usage behaviors. While digital 
credit has enhanced financial inclusion, concerns regarding 
debt accumulation, hidden charges, and inadequate disclosures 
present significant challenges. The research contributes to 
understanding fintech adoption in emerging markets and 
provides actionable recommendations for creating a balanced 
digital credit ecosystem that promotes innovation while 
ensuring consumer protection. This study is particularly 
relevant for the Indian context, where rapid digitalization 
intersects with varying levels of financial literacy and 
significant socioeconomic diversity. 

INTRODUCTION AND REVIEW OF LITERATURE 

1.1. Rationale for the Study and Motivation 

India's financial landscape has undergone remarkable 
transformation with the proliferation of digital credit 
applications. The convergence of increasing smartphone 
penetration (812 million users as of 2023), affordable mobile 
data (lowest rates globally at approximately ₹10/GB), and 
government initiatives like Digital India and India Stack has 
created a fertile environment for fintech innovation. Digital 
credit apps, offering instant access to credit without traditional 
paperwork, have emerged as powerful tools for financial 
inclusion. 

The motivation for this study stems from my personal 
experiences observing peers using digital credit services and 
the contrasting narratives surrounding these platforms. On one 
hand, digital credit services have extended financial access to 
previously underserved segments, including those with limited 
credit history, gig economy workers, and small business 
owners in the informal sector. On the other hand, concerns 

about predatory lending practices, excessive interest rates, and 
inadequate disclosure mechanisms have raised questions about 
consumer protection. 

The Indian digital lending market exceeds $350 billion in 
annual disbursements, with BNPL accounting for 
approximately $45-50 billion. This exponential growth, 
accelerated by the COVID-19 pandemic, necessitates a 
comprehensive understanding of consumer perceptions and 
experiences to ensure that the digital credit ecosystem 
develops in a manner that balances innovation with protection. 

1.2. Statement of the Research Problem 

Despite the rapid expansion of digital credit in India, there 
exists limited empirical research on consumer understanding, 
usage patterns, and perceptions of these services. The research 
problem can be articulated through several key questions: 

1. To what extent are Indian consumers aware of different 
digital credit options, and how do awareness levels vary 
across demographic segments? 

2. What are the primary usage patterns and motivations 
driving the adoption of digital credit apps in India? 

3. How do consumers perceive the benefits and risks 
associated with different types of digital credit services? 

4. What factors influence trust and transparency 
perceptions in the digital credit ecosystem? 

5. How do demographic variables such as age, income, 
education, and geographic location affect digital credit 
perceptions and behaviors? 

This research seeks to address these questions through a 
focused examination of consumer experiences with BNPL 
services, payday loans, and instant credit cards in the Indian 
context. By understanding consumer perspectives, the study 
aims to provide insights that can inform both business 
strategies and regulatory approaches in the rapidly evolving 
digital credit landscape. 



Journal Publication of International Research for Engineering and Management (JOIREM) 
Volume: 05 Issue: 06 | June-2025 

 

© 2025, JOIREM      |www.joirem.com|        Page 2 

Review of Literature 

The literature on digital credit in India and comparable 
emerging markets reveals several key themes that provide 
the foundation for this research: 

 

RESEARCH METHODOLOGY 

2.1 Scope of the Study 

This study focuses on consumer perceptions of digital credit 
applications in India, specifically examining three distinct 
categories: 

1. Buy Now Pay Later (BNPL) services: This category 
includes platforms like Simpl, LazyPay, Flipkart Pay 
Later, Amazon Pay Later, and ZestMoney. These 
services typically allow consumers to make 
purchases and pay in installments, often with zero or 
minimal interest for short-term credit. BNPL has 
gained significant traction in e- commerce and is 
increasingly available in offline retail environments. 

2. Payday loan apps: This category encompasses short-
term, high-interest loan providers such as 
EarlySalary, mPokket, and CASHe. These apps 
typically offer loans intended to cover immediate 
cash needs until the next salary payment, with loan 
amounts usually ranging from ₹1,000 to ₹50,000 and 
terms of 7-30 days. 

3. Instant credit cards: This category includes digital-
first credit cards like Slice, Uni, OneCard, and 
traditional banks' digital initiatives. These products 
offer virtual credit cards with instant approval 
processes, typically delivered entirely through 
mobile applications with minimal documentation. 

The geographical scope encompasses four regions of India 
(North, South, East, and West), covering metro cities, Tier 1 
cities, Tier 2 cities, and semi-urban areas to ensure 
representative coverage of India's diverse consumer base. This 
broad geographic scope is essential given the significant 
regional variations in digital adoption, financial literacy, and 
consumer preferences across India. 

The research focuses on adult consumers (age 18+) who have 
awareness of digital credit services, including both users and 
non-users, to understand barriers to adoption as well as user 
experiences. This inclusive approach allows the research to 
examine not only usage patterns among existing customers but 
also perceptions and hesitations among potential adopters. 

2.2 Research Objectives 

The primary aim of this study is to comprehensively 
examine consumer perceptions and experiences with 
digital credit apps in India. Specifically, the research seeks 
to: 

1. Assess Consumer Awareness: Gauge the level of 
awareness and understanding about different types of 
digital credit apps across various demographic 
segments in India. This objective includes measuring 
both general awareness of digital credit categories 
and specific knowledge of terms, conditions, and 
features. 

2. Analyze Usage Patterns: Identify patterns of 
adoption, frequency of use, and purposes for which 
consumers utilize different digital credit services. 
This objective examines how consumers integrate 
digital credit into their financial lives, including 
spending categories, repayment behaviors, and 
multi-platform usage. 

3. Explore Perceived Benefits and Risks: Understand 
the advantages consumers perceive in using digital 
credit apps and the risks or challenges they associate 
with these services. This objective investigates the 
value proposition from the consumer perspective 
and identifies concerns that may affect adoption and 
usage decisions. 

4. Examine Trust and Transparency: Evaluate 
consumer perceptions regarding the trustworthiness 
and transparency of digital credit providers, focusing 
on disclosure practices, terms and conditions, and 
customer service. This objective explores how trust is 
established and maintained in the digital credit 
relationship, and how transparency affects consumer 
confidence. 

5. Investigate Demographic Variations: Analyze how 
perceptions and usage patterns vary across different 
demographic factors including age, income level, 
education, geographic location, and digital literacy. 
This objective seeks to identify segment- specific 
insights that can inform targeted product development 
and consumer protection initiatives. 

These objectives are designed to provide a comprehensive 
understanding of the consumer perspective on digital credit in 
India, addressing the research gaps identified in the literature 
review and contributing practical insights for industry 
stakeholders, regulators, and consumer advocates. 
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2.3 Framing of Research Hypotheses 

Based on the research objectives and literature review, the 
following hypotheses have been formulated to guide the 
quantitative analysis: 

H1: Awareness and Digital Literacy 

H1a: Awareness of digital credit options is positively 
associated with digital literacy levels. This hypothesis posits 
that consumers with higher digital literacy (familiarity and 
comfort with digital technologies) will demonstrate greater 
awareness of digital credit products. This relationship is 
expected due to the digital-first nature of these financial 
services and their marketing through online channels. 

H1b: Urban consumers demonstrate higher awareness of 
digital credit options compared to semi-urban consumers. This 
hypothesis suggests that geographic location influences 
awareness levels, with urban consumers expected to show 
greater familiarity with digital credit options due to higher 
internet penetration, greater exposure to digital marketing, and 
more developed digital payment ecosystems in urban areas. 

The survey instrument was developed based on the research 
objectives, literature review, and theoretical frameworks. The 
questionnaire included the following sections: 

1. Demographic Information: Age, gender, location, 
education, occupation, income level, and digital literacy 

2. Awareness and Understanding: Familiarity with 
different digital credit products, knowledge of key 
features and terms 

3. Usage Patterns: Current and past usage of digital 
credit, frequency, purposes, and spending categories 

4. Perceived Benefits: Likert-scale questions assessing 
advantages of digital credit apps 

 

5. Perceived Risks: Likert-scale questions measuring 
concerns about digital credit usage 
 

6. Trust and Transparency: Questions evaluating 
perceptions of provider transparency, understanding of 
terms, and trust levels 

7. Satisfaction: Overall satisfaction with digital credit 
experiences and likelihood to continue using or 
recommend 

The survey instrument was developed based on the research 
objectives, literature review, and theoretical frameworks. 
The questionnaire included the following sections: 

8. Demographic Information: Age, gender, location, 
education, occupation, income level, and digital literacy 

9. Awareness and Understanding: Familiarity with 
different digital credit products, knowledge of key 
features and terms 

10. Usage Patterns: Current and past usage of digital 
credit, frequency, purposes, and spending 
categories 

11. Perceived Benefits: Likert-scale questions assessing 
advantages of digital credit apps 

 

12. Perceived Risks: Likert-scale questions measuring 
concerns about digital credit usage 

 

13. Trust and Transparency: Questions evaluating 
perceptions of provider transparency, 
understanding of terms, and trust levels 

14. Satisfaction: Overall satisfaction with digital credit 
experiences and likelihood to continue using or 
recommend 

This multi-channel approach was designed to minimize 
sampling bias that might result from purely digital survey 
distribution, particularly given the focus on digital financial 
services where such bias could significantly impact results. 

Variables of the Study 

The quantitative phase examined the following key variables: 

1. Dependent Variables: 

 Awareness levels (measured on a 5-point Likert 
scale) 

 Usage frequency (ordinal scale) 

 Perceived benefits (composite score from multiple 
5-point Likert items) 

 Perceived risks (composite score from multiple 5-
point Likert items) 

 Trust levels (measured on a 10-point scale) 

 Overall satisfaction (measured on a 5-point scale) 

 

2. Independent Variables: 

 Demographic factors (age, gender, income, 
education, occupation, location) 

 Digital literacy (composite score) 

 Financial literacy (composite score) 

 Type of digital credit used (categorical) 
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These variables were selected to directly address the research 
objectives and test the specified hypotheses, providing 
measurable indicators of the key constructs under 
investigation. 

2.4 Qualitative Data Collection Case 

Study Approach  

For the qualitative component of this research, I 
analyzed 8 case studies of digital credit users in India. 
The case studies were selected to provide insights 
across different digital credit product categories and 
user demographics: 

 3 cases focused on BNPL services users 

 

 3 cases examined payday loan app users 

 

 2 cases investigated instant credit card users 

 

The cases were distributed across different demographic 
segments to ensure representation of diverse experiences 
and perspectives. The distribution included varied age 
groups, income levels, educational backgrounds, and 
geographic locations. 

Data Sources and Analysis 

The case studies were developed using publicly available 
consumer reviews, forum discussions, and customer 
testimonials. Each case was analyzed to identify patterns in 
usage behavior, perceived benefits, challenges 
encountered, and overall satisfaction with digital credit 
services. 

The case study analysis focused on: 

 Usage contexts and primary purposes for using digital 
credit 
 

 Decision factors influencing product selection 
 

 Perceived value and benefits derived 
 

 Pain points and challenges encountered 
 

 Overall impact on personal financial management 
 

 

DATA ANALYSIS AND INTERPRETATION 

3.1 Techniques for Data Analysis 

This section outlines the statistical methods and tools 
used to analyze both the quantitative survey data (n=200 
respondents) and qualitative case studies (n=8). The 
techniques are divided into descriptive and inferential 
methods, allowing for both summary insights and 
hypothesis testing. 

Table 3.1 Descriptive statistical techniques used 

 

 

This systematic approach to data analysis ensured 

comprehensive examination of the research questions 

and robust testing of the hypotheses. 

3.2 Qualitative Data Analysis (Thematic and Case 
Study) 

 

This study employed qualitative methods using thematic 
analysis and case study analysis. These techniques were 
chosen to explore deeper insights into user experiences, 
perceptions, motivations, and challenges related to 
digital credit usage in India. 
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Of digital credit options also increases significantly. This 
relationship was consistent across all demographic segments. 

H1b: Urban consumers demonstrate higher awareness of 
digital credit options compared to semi-urban consumers 

 

The t-test results show a significant difference in awareness 
levels between urban and semi- urban consumers (t = 6.8, p < 
0.001), with urban consumers showing substantially higher 
awareness (M = 3.9, SD = 0.8) compared to semi-urban 
consumers (M = 2.7, SD = 1.1). The large mean difference of 
1.2 points on a 5-point scale represents a substantial 
awareness gap based on geographic location. 

H1c: Younger age groups (18-35) show higher awareness of 
digital credit options compared to older age groups. 

The analysis confirmed that younger respondents (18-35 
years) demonstrated significantly higher awareness of digital 
credit options compared to older respondents (36+ years). The 
t- test revealed a statistically significant difference (t = 5.4, p 
< 0.001) with a mean difference of 0.9 on a 5-point scale, 
supporting the hypothesis that age significantly influences 
digital credit awareness. 

3.3 Qualitative Analysis 
 

Eight qualitative case studies (n = 8) were analyzed to 
capture in-depth, real-life experiences of consumers using 
digital credit apps in India. Each persona was developed 

based on demographic, behavioral, and perceptual data. The 
profiles span users of Buy Now Pay Later (BNPL), payday 
loan services, and instant credit cards. A thematic analysis 
was conducted to map core benefits, challenges, usage 
behavior, and satisfaction. The findings are summarized 
below: 

The case study analysis reveals clear patterns in user 
experience across credit types: 

 

 BNPL users generally report high satisfaction due to 
user experience and low or no 


3.2 Data Interpretation 
 

Demographic Profile of Respondents Table 3.18: Age 
Distribution of Respondents  

Age Group Percentage (%) Number (n) 

18-25 40 80 

26-35 30 60 

36-45 20 40 

46+ 10 20 

Total 100 200 




 

 

 Largest representation from 18-25 age group (40%), 
followed by 26-35 (30%)

 Appropriate emphasis on younger demographics who 
are likely early adopters

 Balanced representation allows for meaningful cross-
generational analysis

 Age distribution reflects target markets for digital 
credit providers 
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Table 3.19: Gender Distribution of Respondents 

Gender Percentage (%) Number (n) 

Male 55 110 

Female 45 90 

Total 100 200 

 

Slightly higher representation of males (55%) versus 
females (45%) Reflects typical gender disparity in 
financial technology adoption in India Provides 
sufficient statistical power for gender-based comparative 
analysis Balanced enough to identify gender-specific 
patterns in digital credit usage 

 

Table: Geographic Distribution of Respondents 

Location Percentage (%) Number (n) 

Metro cities 40 80 

Tier 1 cities 30 60 

Tier 2 cities 20 40 

Semi-urban areas 10 20 

Total 100 200 

 

 

 Stratified sampling across urban classifications: metro 
cities (40%), Tier 1 (30%), Tier 2 (20%), semi-urban 
(10%)

 Acknowledges urban-centric nature of digital credit 
adoption

 Enables analysis of how regional factors impact digital 
credit awareness

 Higher representation from metro areas aligns with 
digital credit penetration patterns

 

Table: Educational Background of Respondents 

 
Education Level Percentage (%) Number (n) 

Postgraduate 30 60 

Graduate 45 90 

High school 20 40 

Below high school 5 10 

Total 100 200 

 

 

 

 

 

 

 

 

 

 

 

 

 Predominance of graduates (45%) and postgraduates 
(30%)

 Reflects higher digital credit adoption among educated 
segments

 Allows analysis of how education influences financial 
comprehension

 Includes representation from less educated segments 
for understanding adoption barriers

 

Table: Monthly Income Distribution of Respondents 
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Monthly Income Percentage (%) Number (n) 

Below ₹25,000 30 60 

₹25,000-50,000 35 70 

₹50,000-1,00,000 25 50 

Above ₹1,00,000 10 20 

Total 100 200 

          

 Half of respondents (50%) are salaried employees

 Includes self-employed (20%), students (15%), 

unemployed/homemakers (10%), retired (5%)

 Reflects primary target market while ensuring diverse 
employment representation

 Allows analysis of how employment status affects 
credit needs and behaviors

 

3.4 Awareness and Usage Patterns 
 

Table: Awareness Levels Across Digital Credit Products 

 

 

 BNPL services show highest awareness (45% high 
awareness)

 Payday loans show lowest awareness (20% high 
awareness)

 Indicates market prominence and marketing 
effectiveness across product types

 Suggests need for product-specific rather than general 
digital credit education

 

Table 3.25: Regional Variations in Digital Credit 
Awareness 
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 Southern India shows highest awareness levels (50% 
high awareness)

 Eastern India shows lowest awareness levels (32% high 
awareness)

 Aligns with documented regional variations in digital 
financial service adoption

 Highlights need for geographically targeted financial 
education initiatives 

Table: Digital Credit Usage Patterns
 

Usage Category Percentag
e (%) 

Numbe
r (n) 

Used at least one form 60 120 

Active users (within 
last 3 months) 

40 80 

Regular users (at least 
monthly) 

20 40 

Non-users 40 80 
 

 

 

 60% have used at least one form of digital credit

 Only 40% are active users (within last 3 
months)

 Just 20% are regular users (monthly usage)

 Indicates significant attrition along the adoption 
journey

 

Table: Usage by Digital Credit Type 

Digital Credit 
Type 

Percentage of Total 
Respondents (%) 

Number (n) 

BNPL services 45 90 

Instant credit 
cards 

30 60 

Payday loans 18 36 

Multiple types 33 66 

None 40 80 

 

 

 

 BNPL services have highest usage (45%)
 

 Payday loans show lowest adoption (18%)
 

 33% use multiple digital credit types
 

 40% haven't used any digital credit products
 

 

Table 3.28: Cross-tabulation of Digital Credit Usage 
Purpose by Income Level 
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 Lower-income respondents primarily use digital 
credit for essentials (70%) and emergencies (65%)

 Higher-income respondents use it mainly for 
convenience (80%) and lifestyle purchases (65%)

 Shows fundamentally different value propositions 
across income segments

 Indicates digital credit serves as necessity for lower-
income groups but convenience for higher-income 
users

3.5 Qualitative Case Study Insights on Usage Patterns 

The case studies provided deeper insights into usage patterns 
through actual user statements: 

 

Case Study 8: 24-year-old female student from Bangalore 

 

"I started using BNPL when I bought a laptop for my online 
classes. The no-cost EMI option made it affordable without 
putting pressure on my monthly budget." 

This case illustrates how BNPL facilitates larger discretionary 
purchases by making them more manageable through 
installment payments. The educational context of the purchase 
suggests that BNPL can serve quasi-essential needs rather 
than purely lifestyle spending. 

Case Study 3: 32-year-old graphic designer from Delhi 

 

"Being a freelancer, my income is irregular. Payday loan apps 
help me manage temporary cash flow gaps between project 
payments." 

This case highlights how gig economy workers with irregular 
income patterns use digital credit to manage income volatility 
rather than consumption smoothing. The usage pattern 
supports the concept of digital credit as a financial 
management tool for those outside traditional employment 
structures. 

Perceived Benefits 

Table 3.29: Rating of Digital Credit Benefits (5-point Likert 
scale) 

 

 

 Process-related advantages rated more highly 
than financial benefits 

 Convenience (4.3/5) and paperless processing 
(4.2/5) are top-ranked benefits 

 Cash flow management (4.0/5) demonstrates 
utility as financial management tool 

 Indicates user experience factors drive adoption 
more than economic consideration 

Qualitative Case Study Insights on Benefits: 

Case Study 2: 26-year-old gig worker from Jaipur 
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This case emphasizes how repayment flexibility aligns with 
irregular income patterns, particularly for entrepreneurs and 
small business owners. The ability to adjust repayment timing 
to match cash flow represents a significant advantage over 
more rigid traditional credit structures. 

Case Study 1: 23-year-old student from Delhi 

 

"Everything happens within my phone. I can apply, get 
approved, use the credit, track my spending, and repay all 
from a single app. It's perfectly integrated with my digital 
lifestyle." 

This case illustrates the importance of seamless digital 
integration, particularly for younger users. The consolidation 
of the entire credit journey within a mobile app creates a 
frictionless experience that aligns with broader digital lifestyle 
expectations. This comment suggests that the technological 
aspect of digital credit is itself a benefit, beyond the financial 
utility. 

Perceived Risks and Challenges 

 

Table: Rating of Digital Credit Risks (5-point Likert scale) 

 

"Traditional banks rejected my loan application because I don't 
have a credit history. Digital credit apps gave me my first 
opportunity to prove my creditworthiness." 

Case Study 5: 34-year-old small business owner from Chennai 

"What I appreciate most is the flexibility. I can choose how 
much to pay back when, depending on my cash flow that 
month." 

Risk Factor Mean 
Rating 

Standard 
Deviation 

Ran
k 

High interest rates 4.1 0.9 1 

Hidden charges and fees 4.0 0.9 2 

Risk of overspending 3.9 1.0 3 

Privacy and data security 3.8 1.1 4 

Debt accumulation 3.7 1.2 5 

Inadequate grievance 
resolution 

3.6 1.1 6 

Aggressive recovery practices 3.5 1.3 7 

 

 

 Financial concerns dominate perceived 

risks

 High interest rates (4.1/5) and hidden 

charges (4.0/5) are top concerns
 Overspending risk (3.9/5) 

indicates consumer self-

awareness about behavioral 

challenges

 Highlights importance of 

transparency in fee structures 

and responsible lending 

practices

Table: Correlation Between Income Level and Risk 
Concerns 
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 Significant inverse relationship between income 
and debt accumulation concerns

 Lower-income consumers perceive substantially 
higher risks

 Interest rate concerns relatively consistent 
across income segments

 Privacy concerns transcend income levels

Qualitative Case Study Insights on Risks: 

Case Study 4: 29-year-old marketing professional from Pune 

"The terms are buried in pages of legal text. I accidentally 

missed a payment deadline and was shocked by the late fee, 

which was mentioned somewhere in the fine print." 

disclosure practices can create negative experiences even 

when technically compliant with regulations. 

Case Study 6: 26-year-old customer support executive from 
Mumbai 

Trust and Transparency 

Table: Trust Levels by Provider Type (10-point scale) 

Provider Type Mean Trust 
Score 

Standard 
Deviation 

Traditional 
bank-backed 
digital credit 

7.6 1.4 

Large 
established 
fintech 
platforms 

6.8 1.6 

New/emerging 
fintech startups 

5.2 1.8 

 

 

 

 Traditional bank-backed providers receive 
highest trust scores (7.6/10)

 Emerging fintech startups show lowest trust 
(5.2/10)
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 2.4-point trust gap represents substantial deficit for 
new market entrants

 Established fintech platforms (6.8/10) in intermediate 
position



Table: Transparency Perceptions (Percentage of respondents 
agreeing) 

 

 

 

Table: Correlation Between Transparency and Satisfaction 

Statistics Value 

Correlation coefficient (r) 0.64 

p-value <0.001 

Sample size (n) 200 

Coefficient of determination (r²) 0.41 

 

 Strong positive correlation (r = 0.64, p < 0.001)
 Transparency explains 41% of variance in satisfaction 

ratings
 Clear linear relationship with tight clustering around 

trend line

 Highlights transparency as core component of 
customer experience



Qualitative Case Study Insights on Trust and Transparency: 

Case Study 3: 27-year-old government employee from Ahmedabad 

"I only use services backed by established banks or well-known 
companies. I don't trust the newer apps because I'm not sure if they 
follow RBI guidelines." 

This case highlights how institutional affiliation serves as a trust 
proxy for many consumers. The reference to regulatory compliance 
indicates that consumers are aware of the regulatory environment 
but lack confidence in enforcement for newer market entrants. This 
suggests that regulatory oversight visibility could help level the 
playing field for fintech startups competing with established 
institutions. 

3.2.2 Demographic Variations in Perceptions 

Table 3.35: Key Digital Credit Perceptions by Age Group 
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
 Clear negative correlation between age and digital credit 

adoption

 Risk awareness shows positive correlation with age

 Substantial difference in terms review behavior across 
age cohorts

 Younger consumers show higher adoption but lower risk 
perception

Table: Digital Credit Usage Patterns by Gender 





 Males report higher transaction frequency and focus 
on discretionary spending

 Females show higher security concerns and more 
thorough terms review

 Females report more essential expenses usage

 Indicates gender-specific approaches to digital credit 
engagement 

Table: Digital Credit Usage Purpose by Income Level



Cash flow management 55 55 30 

Essential expenses 70 45 15 

Emergency needs 65 35 20 
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



 Dramatic contrast in convenience-driven usage 
between income brackets

 Almost mirror-image patterns between highest and 
lowest income groups

 Middle-income shows balanced usage across 
categories

 Indicates fundamentally different roles of digital credit 
across income segments



Table: Digital Credit Understanding by Education Level 

 




Interpretation: 

• Strong relationship between education and digital 
credit literacy • Clear positive correlation between 
education and understanding metrics 

• Each education level shows measurable improvement 
in literacy 

• Unexpected fees inversely related to education (32% 
postgrads vs 70% below high school) 

• Largest gaps in understanding terms (68% vs 15%) and 
comparing options (72% vs 15%) 

• Suggests education strongly influences informed 
financial decision-making 

• Indicates need for adapted disclosure practices for less 
educated consumers 

• Financial literacy programs should target educational 
demographics differently 

• Current disclosures may create information 
disadvantage for less educated consumers 
 

Table: Geographic Variations in Digital Credit Knowledge 
and Usage 
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 Consistent urban-rural gradient across multiple 
metrics 

 Substantial awareness gap between metro cities 
(4.2/5) and semi-urban areas (2.7/5) 

 Recent adoption higher in less urbanized areas, 
suggesting market expansion 

 Increasing difficulty understanding terms in less 
urbanized areas (42% to 68%) 

FINDINGS AND RECOMMENDATIONS 

4.1 Research Outcome and Findings 

This study's comprehensive examination of consumer 
perceptions towards digital credit applications in India yields 
several key findings that address the research questions and 
hypotheses outlined in Chapter 2. 

4.1.1 Awareness and Digital Literacy 

The research confirms a strong relationship between digital 
literacy and awareness of digital credit options. The positive 
correlation (r = 0.61, p < 0.001) indicates that digital literacy 
significantly influences consumers' familiarity with digital 
credit products. This finding validates the Technology 
Acceptance Model's assertion that technological competence 
affects adoption of digital financial services. 

Geographic and demographic disparities in awareness levels 
are substantial. Urban consumers demonstrated significantly 
higher awareness (M = 3.9) compared to semi-urban 
consumers (M = 2.7), with a large effect size (Cohen's d = 
1.25). Similarly, younger consumers (18-35 years) showed 
markedly higher awareness than older age groups, with a 
mean difference of 0.9 on a 5-point scale (p < 0.001). These 
findings highlight the demographic digital divide that pervades 
India's digital credit landscape. 

Regional variations in awareness reveal a distinct 
development gradient across India, with Southern (50% high 
awareness) and Western (46%) regions demonstrating 
substantially higher familiarity with digital credit options 
compared to Northern (38%) and Eastern (32%) regions. This 
pattern mirrors broader digital adoption trends and suggests 
regional economic development influences digital financial 
inclusion. 

Notably, awareness levels varied considerably across product 
categories, with BNPL services showing the highest 
recognition (45% high awareness), followed by instant credit 
cards (32%), and payday loans (20%). This product-specific 
awareness hierarchy indicates differing levels of market 
penetration and promotional effectiveness across digital credit 
categories. 

The purpose of digital credit usage demonstrated a striking 
income-based divergence. Lower- income respondents 
predominantly used digital credit for essential expenses 
(70%) and emergency needs (65%), while higher-income 
respondents primarily used it for convenience (80%) and 
lifestyle purchases (65%). This finding reveals 
fundamentally different value propositions across income 
segments, suggesting that digital credit serves as a 
necessity for lower-income groups but as a convenience 
tool for higher-income users. 

Gender significantly influenced certain aspects of digital 
credit behavior. Female respondents demonstrated more 
cautious engagement patterns, with higher security 
concerns (4.0/5 vs. 3.6/5, p < 0.01), more thorough review 
of terms (62% vs. 43%, p < 0.01), and greater use for 
essential expenses (42% vs. 35%, p < 0.05). Male 
respondents reported higher transaction frequency (3.2 vs. 
2.6 monthly transactions, p < 0.05) and greater focus on 
discretionary spending (65% vs. 58%, p < 0.05). 

Usage attrition along the adoption journey was substantial, 
with 60% of respondents having tried digital credit, but 
only 40% remaining active users (within the last 3 months), 
and just 20% qualifying as regular users (monthly usage). 
This pattern suggests challenges in delivering sustained 
value or user experience issues that prevent habitual 
engagement. 

4.1.2 Perceived Benefits and Risks 

The analysis of perceived benefits revealed that non-
financial advantages consistently outranked financial 
benefits across all digital credit types. Convenience and 
speed (M = 4.3/5) and paperless processing (M = 4.2/5) 
were rated significantly higher than cost advantages (M = 
3.6/5), with a statistically significant difference (t = 6.4, p < 
0.001). This finding confirms the hypothesis that user 
experience factors may outweigh purely economic 
considerations in driving digital credit adoption. 

Qualitative insights reinforced these findings, with case 
studies highlighting specific benefits including financial 
inclusion for previously excluded consumers, flexibility for 
those with irregular income patterns, and seamless 
integration with digital lifestyles. These benefits align with 
the core value propositions promoted by digital credit 
providers and indicate successful market positioning. 

Risk perception demonstrated significant demographic 
variation. Younger users (18-35) reported substantially lower 
risk perception scores (M = 3.4/5) compared to older users (M 
= 4.1/5), representing a statistically significant difference (t = 
4.2, p < 0.001). Financial literacy The research also suggests 
that financial literacy serves as a potential mitigating factor 
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against suboptimal financial decisions, with higher financial 
literacy associated with greater risk awareness (r = 0.49). This 
finding supports the theoretical position that information 
asymmetry and cognitive limitations can be partially 
addressed through enhanced financial knowledge. 

4.1.3 Trust and Relationship Marketing Theory 

The findings provide strong support for Morgan and Hunt's 
(1994) commitment-trust theory in the digital financial 
services context. The substantial trust differential between 
bank-backed platforms (7.6/10) and fintech startups (5.2/10) 
confirms the theory's assertion that institutional factors 
significantly influence initial trust formation. The research 
extends this theory by demonstrating how transparency serves 
as a critical antecedent to trust, with a strong correlation 
between perceived transparency and satisfaction (r = 0.64). 

The qualitative insights highlight how specific touchpoints, 
such as disclosure practices and interface design choices, 
influence trust development. The case study describing hidden 
fees "in tiny text that you have to scroll down to see" 
illustrates how presentation format affects transparency 
perceptions beyond mere content disclosure. This finding 
extends commitment- trust theory by emphasizing the 
importance of user experience design in building trust 
relationships in digital contexts. 

The research also extends the theory by demonstrating how 
trust varies across demographic segments, with older 
consumers placing greater importance on institutional 
reputation (4.3/5 for 46+ vs. 3.5/5 for 18-25). This finding 
suggests that trust formation mechanisms may differ across 
consumer segments, with implications for relationship 
marketing strategies in diverse markets. 

4.2 Managerial Implications 

The findings provide actionable insights for digital credit 
providers, regulators, and financial education stakeholders: 

4.2.1 Implications for Digital Credit Providers 

Product Differentiation Based on Demographic Needs: The 
stark differences in usage purposes across income segments 
suggest that providers should develop segment-specific 
products and messaging. Lower-income-focused products 
should emphasize reliability for essential needs and 
emergency support, while higher-income offerings should 
highlight convenience and lifestyle enhancement. The 
distinct usage patterns identified indicate that one-size-fits-all 
approaches are unlikely to optimize market penetration. 

Trust-Building Strategies for Fintech Startups: The substantial 
trust gap facing new market entrants (5.2/10 vs. 7.6/10 for 

bank-backed platforms) requires dedicated trust-building 
strategies. Partnerships with established financial institutions, 
prominent display of regulatory compliance, and transparent 
fee structures can help bridge this trust deficit. The finding 
that transparency explains 41% of satisfaction variance 
indicates that clear communication should be prioritized as a 
competitive advantage strategy. 

User Experience Optimization: The primacy of convenience 
and process-related benefits (4.3/5 and 4.2/5 respectively) 
over financial advantages suggests that continued 
investment in frictionless user experiences will yield 
competitive advantages. However, the case study insights 
indicating that interface design choices can obscure key 
terms suggest that user experience optimization should 
balance convenience with transparent disclosure to build 
sustainable customer relationships. 

Retention Strategy Focus: The significant attrition from 
trial (60%) to regular usage (20%) indicates potential for 
substantial revenue growth through improved retention 
strategies. The strong relationship between transparency 
and satisfaction suggests that clear communication 
throughout the customer journey may improve retention 
metrics. Providers should implement post-adoption 
feedback mechanisms to identify specific friction points 
that drive attrition. 

Gender-Sensitive Design and Communication: The 
significant gender differences in usage patterns, risk 
perception, and terms review behavior indicate 
opportunities for gender-sensitive approaches. 
Communication targeting female users should address 
higher security concerns (4.0/5 vs. 3.6/5) and emphasize 
safety features, while male-targeted messaging might focus 
on convenience for discretionary spending given their 
higher usage for this purpose (65% vs. 58%). 

4.2.2 Implications for Regulators and Policy Makers 

Education-Adjusted Disclosure Requirements: The strong 
relationship between education and terms comprehension (r 
= 0.52) suggests that standardized disclosure formats may 
not serve all consumer segments equally. Regulators should 
consider mandating education-adjusted disclosure 
approaches, such as simplified terms summaries, visual 
disclosure formats, and interactive explanation tools to 
ensure equitable access to critical information across 
educational segments. 

Regional Regulatory Focus: The substantial regional variations 
in digital credit awareness and usage indicate the need for 
geographically targeted regulatory initiatives. Eastern India, 
with the lowest awareness levels (32% high awareness), may 
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require more intensive consumer education and protection 
measures compared to Southern India (50% high awareness). 
Regional regulatory approaches could address specific 
awareness gaps and usage patterns identified in different parts 
of the country. 

Centralized Credit Monitoring: The case study highlighting 
debt spirals across multiple platforms suggests the need for 
centralized visibility into digital credit usage. Regulators should 
consider implementing cross-platform credit reporting 
requirements to prevent consumers from accumulating 
unsustainable debt across multiple digital credit providers. 
This approach would address the specific risk of fragmented 
credit visibility in the digital ecosystem. 

Demographic Vulnerability Protection: The research identifies 
specific demographic vulnerabilities, including younger users 
with lower risk awareness (3.2/5 vs. 4.3/5 for 46+) and less 
educated consumers reporting higher unexpected fees (70% for 
below high school vs. 32% for postgraduates). Targeted 
protective measures for these vulnerable segments might 
include mandatory cooling-off periods, simplified disclosure 
requirements, and spending limit safeguards proportional to 
income. 

4.2.3 Implications for Financial Education Stakeholders 

Targeted Financial Literacy Programs: The moderate 
correlation between financial literacy and risk awareness (r = 
0.49) suggests that enhanced financial education could 
improve consumer outcomes. The research indicates that 
financial literacy programs should be tailored to specific 
demographic segments, with younger consumers (18-35) 
requiring focused education on risk assessment given their 
lower risk awareness scores (3.4/5 vs. 4.1/5 for 36+). 

Digital Credit-Specific Education Content: The variation in 
awareness across product categories (45% high awareness for 
BNPL vs. 20% for payday loans) suggests the need for 
product-specific educational content rather than general digital 
credit information. Educational materials should address the 
specific features, risks, and appropriate use cases for different 
digital credit products to enable informed consumer choices. 

Contextual Education Delivery: The strong correlation 
between digital literacy and digital credit awareness (r = 0.61) 
suggests that financial education should be integrated into 
digital platforms themselves. Just-in-time educational 
interventions delivered within apps, at decision points, could 
be more effective than standalone financial literacy programs, 
particularly for digitally engaged younger consumers. 

4.3 Limitations of the Study 

While this research provides valuable insights into 
consumer perceptions of digital credit in India, several 
limitations should be acknowledged: 

4.3.1 Methodological Limitations 

Sample Size Constraints: The sample size of 200 
respondents, while sufficient for the primary analyses, 
limits the statistical power for more granular subgroup 
comparisons. The relatively small representation from 
semi-urban areas (n=20) in particular may affect the 
reliability of findings specific to this segment. Future 
research with larger samples would enable more nuanced 
analysis of intersectional demographic factors. 

Self-Reported Data: The reliance on self-reported survey 
responses introduces potential biases, including social 
desirability bias in financial behavior reporting and recall 
bias regarding past experiences. Actual usage data from 
digital credit providers would provide more objective 
measures of behavioral patterns but was not accessible for 
this study due to proprietary limitations. 

Cross-Sectional Design: The cross-sectional nature of the 
study provides a snapshot of perceptions at a specific point 
in time but cannot capture how these perceptions evolve 
through the consumer journey or in response to market 
changes. Longitudinal research would be valuable to 
understand how perceptions and usage patterns develop 
over time, particularly given the rapidly evolving digital 
credit landscape. 

Case Study Limitations: The qualitative insights, while 
valuable, were derived from a limited number of case 
studies (n=8) based on publicly available consumer 
narratives rather than primary interviews. This approach 
may not capture the full depth and nuance of consumer 
experiences that could be obtained through in-depth 
interviews or focus groups specifically designed for the 
research. 

stakeholders. The strong correlation between transparency 
and satisfaction (r = 0.64) emerges as perhaps the most 
consequential finding, highlighting the central importance 
of clear communication in building successful digital credit 
relationships. 

The research makes several notable contributions to 
understanding fintech adoption in emerging markets. First, it 
demonstrates the heterogeneous nature of digital credit usage 
across demographic segments, challenging homogeneous 
approaches to product development and regulation. Second, it 
establishes transparency as a critical mediating factor between 
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product features and consumer satisfaction. Third, it identifies 
specific vulnerability patterns that require targeted protective 
measures to ensure equitable financial inclusion. 

As digital credit continues its rapid expansion in India, 
balancing innovation with consumer protection remains a 
critical challenge. This research suggests that success in this 
balancing act requires nuanced approaches tailored to diverse 
consumer segments rather than one-size-fits- all solutions. By 
understanding the distinct perception patterns across 
demographic groups, stakeholders can develop more effective 
strategies to enhance the positive impact of digital credit while 
mitigating potential risks. 

4.4 Conclusions 

This mixed-methods investigation into consumer perceptions 
of digital credit apps in India reveals a nuanced landscape 
characterized by significant demographic variations in 
awareness, usage patterns, perceived benefits, and risk 
perceptions. The research demonstrates that digital credit plays 
fundamentally different roles across consumer segments, 
serving as a necessity tool for lower-income groups while 
functioning primarily as a convenience enhancement for 
higher-income consumers. The findings confirm all research 
hypotheses with varying degrees of support, validating the 
theoretical frameworks underpinning the study. The 
Technology Acceptance Model provides insight into adoption 
patterns, while behavioral economics principles explain 
suboptimal decision-making observed in certain consumer 
segments. Trust and relationship marketing theory effectively 
frame the institutional trust differential and the critical role of 
transparency in consumer satisfaction. Urban-rural, age-based, 
and educational divides emerge as particularly significant in 
shaping the digital credit experience. These demographic 
factors create distinct perception and usage patterns that 
necessitate tailored approaches from providers, regulators, and 
education 86 stakeholders. The strong correlation between 
transparency and satisfaction (r = 0.64) emerges as perhaps 
the most consequential finding, highlighting the central 
importance of clear communication in building successful 
digital credit relationships. The research makes several notable 
contributions to understanding fintech adoption in emerging 
markets. First, it demonstrates the heterogeneous nature of 
digital credit usage across demographic segments, challenging 
homogeneous approaches to product development and 
regulation. Second, it establishes transparency as a critical 
mediating factor between product features and consumer 
satisfaction. Third, it identifies specific vulnerability patterns 
that require targeted protective measures to ensure equitable 
financial inclusion. As digital credit continues its rapid 
expansion in India, balancing innovation with consumer 
protection remains a critical challenge. This research suggests 
that success in this balancing act requires nuanced approaches 

tailored to diverse consumer segments rather than one-size-fits 
all solutions. By understanding the distinct perception patterns 
across demographic groups, stakeholders can develop more 
effective strategies to enhance the positive impact of digital 
credit while mitigating potential risks. 

4.5 Scope for Future Research 

This study opens several promising avenues for future research 
that could further enhance understanding of digital credit 
perceptions and behaviors: 

Longitudinal Perception Studies: Future research should 
examine how consumer perceptions evolve over time as users 
gain experience with digital credit products. Tracking 
perception changes from initial awareness through trial, 
adoption, and sustained usage would provide valuable insights 
into the factors that drive long-term engagement or 
abandonment. 

Behavioral Data Integration: Combining survey data with 
actual usage metrics from digital credit providers would enable 
more robust analysis of the relationship between stated 
perceptions and actual behaviors. This approach could identify 
potential gaps between reported attitudes and actual usage 
patterns that would be valuable for both theoretical 
understanding and practical applications. 

Rural-Specific Investigation: A dedicated study focusing 
specifically on rural consumers would address a significant gap 
in current understanding. Research examining how limited 
digital infrastructure, lower digital literacy, and distinct 
financial needs influence digital credit perceptions in rural 
India would provide important insights for financial inclusion 
initiatives 
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APPENDIX  

Appendix A: Survey Questionnaire Section 1: 
Demographic Information 

1. Age 

o 18-25 

o 26-35 

o 36-45 

o 46 and above 

2. Geographic Location 
o Metro city (please specify:_______________) 

o Tier 1 city (please specify:______________) 

o Tier 2 city (please specify:_______________) 

o Semi-urban area (please specify:__________) 

3. Monthly Income 
o Below ₹25,000 

o ₹25,000 - ₹50,000 

o ₹50,000 - ₹1,00,000 

o Above ₹1,00,000 
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4. Digital Literacy Assessment (5-point Likert 

scale: 1=Not at all comfortable, 5=Extremely 

comfortable) 

o How comfortable are you using smartphone apps? 

o How comfortable are you making online financial 

transactions? 

o How comfortable are you understanding digital 

financial terms? 

o How comfortable are you comparing different 

digital financial products? 

 

5. Financial Literacy Assessment (True/False/Don't Know) 
o Higher interest rates mean you pay more for credit. 

o EMI includes both principal and interest components. 

o Credit score does not affect loan approval chances. 

o Compound interest means you pay interest on previously 

earned interest. 

o Annual Percentage Rate (APR) reflects the true cost of 

borrowing. 

Section 2: Awareness and Understanding 

 

6. Awareness of Digital Credit Options (5-point Likert 
scale: 1=Not at all aware, 5=Extremely aware) 

o Buy Now Pay Later (BNPL) services (e.g., Simpl, 
LazyPay, Flipkart Pay Later) 

o Payday loan apps (e.g., EarlySalary, mPokket, CASHe) 
o Instant credit cards (e.g., Slice, Uni, OneCard) 

7. Knowledge Assessment (Multiple choice, select all 
correct answers) 

o BNPL services typically: 
 Allow interest-free payments if paid within a specific 

period 
 Require credit score checks for approval 
 Charge late fees for missed payments 
 Report payment behavior to credit bureaus 
 All of the above 
 Not sure 
o Payday loan apps typically: 

 Provide small, short-term loans 

 Charge interest on a daily basis 

 Require no documentation 

 Require repayment on your next payday 

 All of the above 

 Not sure 

o Instant credit cards typically: 

 Require physical card delivery 

 Allow immediate use after 

approval 

 Have the same interest rates as traditional credit 

cards 

 Offer customizable credit limits 

 All of the above 

 Not sure 

Section 3: Usage Patterns 

8. Have you used any digital credit service in the 
past? 

o Yes 

o No (Skip to Section 4) 

 

9. Which digital credit services have you used? 

(Select all that apply) 

o BNPL services (please specify:______) 

o Payday loan apps (please specify:______) 

o Instant credit cards (please specify:______) 

 

10. How frequently do you use digital credit 
services? 

 Weekly or more often 

 2-3 times a month 

 Once a month 

 Once every few months 

 Rarely (once or twice a year) 

 
 

11. Primary purpose of using digital credit services 
(Select all that apply) 

 Online shopping 

 Electronics/gadget purchases 

 Bill payments (utilities, rent, etc.) 

 Medical expenses 

 Travel expenses 

 Education expenses 

 Emergency needs 

 Daily essentials 

 Entertainment/leisure activities 

 Other (please specify:  ) 

12. Number of platforms currently used 
 1 

 2 

 3 

 4 or more 
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Section 4: Perceived Benefits 

13. Please rate the following benefits of 

digital credit services (5-point Likert 

scale: 1=Not at all important, 

5=Extremely important) 

 Convenience and speed of access 

 No physical documentation required 

 Helps manage cash flow 

 Enables purchases otherwise unaffordable 

 Builds credit history 

 Offers rewards and cashbacks 

 Better than traditional loans 

 Interest-free periods 

 Easy installment options 

 24/7 availability 

 Integration with existing apps/services 

14. Which of these benefits is MOST 
important to you when choosing a 
digital credit service? (Select one) 

Section 5: Perceived Risks 

15. Please rate your level of concern 
about the following risks (5-point 
Likert scale: 1=Not at all concerned, 
5=Extremely concerned) 

 High interest rates 

 Hidden charges and fees 

 Risk of overspending 

 Privacy and data security 

 Debt accumulation 

 Inadequate grievance resolution 

 Aggressive recovery practices 

 Negative impact on credit score 

 App stability/technical issues 

 Unclear terms and conditions 

 Identity theft risk 

16. Have you ever encountered unexpected 
fees or charges when using digital 
credit services? 

 Yes (please explain:  ) 

 No 

 Not sure 
 

Section 6: Trust and Transparency 
 

17. Rate your trust level in the following 
types of digital credit providers (10-
point scale: 1=No trust at all, 
10=Complete trust) 

 Traditional bank-backed digital credit 

 Large established fintech platforms 

 New/emerging fintech startups 
 

18. Agreement with transparency statements 
(5-point Likert scale: 1=Strongly disagree, 
5=Strongly agree) 

 Digital credit providers clearly communicate 
interest rates 

 Terms and conditions are easy to understand 

 Fee structures are transparent 

 Consequences of late payments are clearly 
explained 

 Customer support is easily accessible 

 I thoroughly review terms before signing up 
 

19. How well do you understand the terms 

and conditions of the digital credit 

services you use? (5-point Likert scale: 

1=Do not understand at all, 5=Understand 

completely) 

Section 7: Satisfaction and Future Usage 

20. Overall satisfaction with digital credit 
services (5-point Likert scale: 1=Not at all 
satisfied, 5=Extremely satisfied) 

21. How likely are you to continue using digital 
credit services in the future? (5-point Likert 
scale: 1=Not at all likely, 5=Extremely likely) 

22. How likely are you to recommend digital 
credit services to friends or family? (5- point 
Likert scale: 1=Not at all likely, 5=Extremely 
likely) 

23. What improvements would you suggest for 
digital credit services? (Open-ended) 

24. Any additional comments or experiences 
you would like to share about digital credit 
services? (Open-ended) 

Appendix B: Case Study Summaries 

Case Study 1: 23-year-old student from Delhi (BNPL user) 

 Profile: Male, graduate student, income below 

₹25,000 monthly 

 Digital Credit Usage: Primary user of Simpl and 

Amazon Pay Later 
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 Primary Purpose: Online shopping, electronics 

purchases 

 Key Quotes: "Everything happens within my 

phone. I can apply, get approved, use the credit, 

track my spending, and repay all from a single 

app. It's perfectly integrated with my digital 

lifestyle." 

 Benefits Highlighted: Seamless digital 

integration, simplified user experience, 

convenience 

 Challenges Faced: Occasional difficulty tracking 

due dates across multiple services 

 Satisfaction Level: High (4.5/5) 

Case Study 2: 26-year-old gig worker from Jaipur 
(Payday loan user) 

 Profile: Male, working as freelance content 

creator, irregular income around ₹30,000 

monthly 

 Digital Credit Usage: Regular user of Early 

Salary 

 Primary Purpose: Managing cash flow between 

project payments 

 Key Quotes: "Traditional banks rejected my 

loan application because I don't have a credit 

history. Digital credit apps gave me my first 

opportunity to prove my creditworthiness." 

 Benefits Highlighted: Financial inclusion, first-

time credit access, quick approval 

 Challenges Faced: High interest rates, short 

repayment periods 

 Satisfaction Level: Moderate (3.5/5) 

Case Study 3: 32-year-old graphic designer from Delhi 
(Payday loan user) 

 Profile: Female, self-employed, average 

monthly income of ₹45,000 

 Digital Credit Usage: Occasional user of 

mPokket 

 Primary Purpose: Managing business expenses 

between client payments 

 Key Quotes: "Being a freelancer, my 

income is irregular. Payday loan apps help 

me manage temporary cash flow gaps 

between project payments." 

 Benefits Highlighted: Flexibility for gig 

workers, quick access to funds 

 Challenges Faced: Concerns about 

accumulating debt during slow business periods 

 Satisfaction Level: Moderate (3/5) 

Case Study 4: 29-year-old marketing professional from 
Pune (BNPL user) 

 Profile: Male, employed at marketing agency, 

income around ₹60,000 monthly 

 Digital Credit Usage: Regular user of Flipkart 

Pay Later 

 Primary Purpose: Electronics purchases, 

household appliances 

 Key Quotes: "The terms are buried in pages 

of legal text. I accidentally missed a 

payment deadline and was shocked by the 

late fee, which was mentioned somewhere 

in the fine print." 

 Benefits Highlighted: Convenience for large 

purchases, EMI options 

 Challenges Faced: Transparency issues, 

unexpected fees 

 Satisfaction Level: Moderate to low (2.5/5) 

Case Study 5: 34-year-old small business owner from 
Chennai (BNPL user) 

 Profile: Male, owns small retail business, 

monthly income approximately ₹70,000 

 Digital Credit Usage: Regular user of 

ZestMoney for business supplies 

 Primary Purpose: Inventory purchases, 

managing business cash flow 

 Key Quotes: "What I appreciate most is the 

flexibility. I can choose how much to pay 

back when, depending on my cash flow that 

month." 

 Benefits Highlighted: Flexibility, business cash 

flow management 

 Challenges Faced: Documentation requirements 

for higher limits 

 Satisfaction Level: High (4/5) 

Case Study 6: 26-year-old customer support executive 
from Mumbai (Payday loan user) 

 Profile: Female, employed at BPO, income 

around ₹35,000 monthly 

 Digital Credit Usage: Regular user of multiple 

services (CASHe, mPokket) 

 Primary Purpose: Essential expenses, bill 

payments 

 Key Quotes: "I started with one BNPL 

service, then another, and soon I was 

juggling three different credit lines. Before I 

realized, I was using one service to payoff 

another." 
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 Benefits Highlighted: Emergency financial 

support 

 Challenges Faced: Debt spiral across multiple 

platforms 

 Satisfaction Level: Low (2/5) 

Case Study 7: 42-year-old healthcare professional from 
Chandigarh (Instant credit card user) 

 Profile: Female, hospital employee, income 

approximately ₹90,000 monthly 

 Digital Credit Usage: Selective user of Slice 

 Primary Purpose: Travel bookings, online 

purchases 

 Key Quotes: "I only use services backed by 

established banks or well-known 

companies. I don't trust the newer apps 

because I'm not sure if they follow RBI 

guidelines." 

 Benefits Highlighted: Convenience, rewards 

program 

 Challenges Faced: Trust concerns with newer 

platforms 

 Satisfaction Level: Moderate to high (4/5) 

Case Study 8: 24-year-old female student from Bangalore 
(BNPL user) 

 Profile: Female, final year undergraduate, part-
time income around ₹15,000 monthly 

 Digital Credit Usage: Occasional user of 

Amazon Pay Later 

 Primary Purpose: Educational equipment, living 

expenses 

 Key Quotes: "I started using BNPL when I 

bought a laptop for my online classes. The 

no-cost EMI option made it affordable 

without putting pressure on my monthly 

budget. 
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