
Journal Publication of International Research for Engineering and Management (JOIREM) 
Volume: 04 Issue: 08 | August-2026 

ISSN (O) 3107-6696 

 

© 2026, JOIREM      |www.joirem.com|        Page 1         ISSN (O) 3107-6696 

The Impact of Artificial Intelligence on Credit Risk Assessment and Lending 
Decision-Making in India's FinTech Industry 

 
ABHISHEK Channappa Borakanavar¹, Dr. Vinod Krishna Mu²  

 
¹MBA, Dayananda Sagar College of Engineering, Bengaluru  

²Professor, MBA Department, Dayananda Sagar College of Engineering, Bengaluru 
 

---------------------------------------------------------------------***---------------------------------------------------------------------
Abstract - The rapid expansion of India's FinTech sector has 
accelerated the adoption of Artificial Intelligence (AI) in credit 
risk assessment and lending decision-making. This study 
examines how AI-driven analytics influence the accuracy of 
credit evaluation, the speed of loan processing, and the overall 
quality of lending decisions among FinTech, banking, and 
NBFC professionals. A descriptive and analytical research 
design was adopted, drawing on primary data collected from 
120 respondents through a structured questionnaire, 
supplemented by secondary literature. Data were analyzed 
using percentage analysis, mean and standard deviation, 
correlation, and multiple regression in MS Excel. The analysis 
indicates a positive and statistically significant relationship 
between AI adoption and both credit risk assessment efficiency 
and lending decision quality, while also highlighting challenges 
such as data quality, model interpretability, and regulatory 
alignment. The study concludes that AI adoption, when 
supported by robust governance and skilled personnel, 
meaningfully strengthens credit risk assessment and lending 
outcomes in India's FinTech industry, and offers practical 
recommendations for FinTech firms, digital lenders, banks, and 
NBFCs 
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1. INTRODUCTION 

India's financial technology (FinTech) industry has grown into 
one of the largest and fastest expanding digital finance 
ecosystems in the world, driven by widespread smartphone 
penetration, the India Stack digital infrastructure, and increasing 
consumer comfort with online financial services. Within this 
ecosystem, credit risk assessment and lending decision-making 
have undergone a marked transformation as lenders move away 
from purely manual, rule-based underwriting toward data-
driven, algorithmic approaches. Artificial Intelligence (AI) and 
machine learning (ML) techniques now enable lenders to 
process alternative data sources — transaction histories, utility 
payments, and digital footprints — to evaluate borrowers who 
may lack conventional credit histories. 

This shift carries significant implications for financial inclusion, 
operational efficiency, and risk management. At the same time, 
it raises questions about model transparency, fairness, data 
privacy, and regulatory compliance. This paper investigates 
how AI is being used in credit risk assessment and lending 
decisions within India's FinTech sector, the extent to which it 
improves decision quality, and the challenges organizations face 
in adopting it responsibly. 

2. LITERATURE REVIEW  

Prior research has consistently linked AI-based credit scoring 
models to improved predictive accuracy relative to traditional 
statistical scorecards, particularly when alternative data sources 
are incorporated (Bhatt & Sharma, 2022). Studies on Indian 
digital lending platforms report reductions in loan processing 
turnaround time following the introduction of automated 
underwriting engines (Kumar, 2023). The Reserve Bank of 
India has similarly noted the growing role of AI/ML in credit 
underwriting while cautioning institutions on model governance 
and explainability (RBI, 2023). 

Other scholars emphasize that AI adoption in lending is not 
without risk: algorithmic bias, opacity in model decision-
making, and inconsistent data quality can undermine both 
accuracy and fairness if not actively managed (Desai & Rao, 
2021; Narayanan, 2024). Comparative studies of NBFCs and 
banks suggest that organizational readiness — including staff 
training and IT infrastructure —moderates the extent to which 
AI adoption translates into improved lending outcomes (Iyer & 
Menon, 2022). Taken together, the literature suggests a 
generally positive but conditional relationship between AI 
adoption and credit decision quality, motivating the empirical 
objectives of this study 

3. RESEARCH OBJECTIVES  

1. To examine the role of Artificial Intelligence in credit risk 
assessment within India's FinTech sector. 

2. To evaluate how AI improves lending decision-making 
processes.  

3. To analyze the effectiveness of machine learning algorithms 
in predicting borrower default risk.  

4. To identify challenges associated with AI adoption in credit 
evaluation. 

5. To recommend strategies for enhancing AI driven lending 
practices. 

 

4. RESEARCH METHODOLOGY  

Research Design  

The study adopts a descriptive and analytical research design 
combining primary survey data with secondary literature.  

 

Data Collection, Sample and Sampling Technique  
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Primary data were collected through a structured questionnaire 
administered to 120 respondents using convenience sampling. 
Respondents comprised employees and professionals working 
in FinTech companies, banks, NBFCs, and digital lending 
platforms across India. Secondary data were drawn from journal 
articles, RBI publications, and industry reports. 

 

Tools of Analysis  

Data were analyzed using MS Excel, applying percentage 
analysis, mean and standard deviation, Pearson correlation, and 
multiple linear regression, supported by charts and tables. 

 

5. DATA ANALYSIS AND INTERPRETATION 

5.1 Demographic Profile of Respondents (Illustrative) 

5.2 an and Standard Deviation Analysis (Illustrative) 

 

The mean scores, all above the midpoint of the five-point scale, 
indicate broad agreement among respondents that AI positively 
influences credit assessment accuracy, processing speed, and 
lending decision quality, with relatively low standard deviations 
suggesting consistent opinion across the sample. 

5.3 Correlation Analysis (Illustrative) 

 

** Correlation is significant at the 0.01 level (2- tailed). The 
results indicate a positive and statistically significant 
relationship between AI adoption and both credit risk 
assessment efficiency and lending decision quality. 

5.4 Regression Analysis (Illustrative) 

 Dependent Variable: Lending Decision Quality. Independent 
Variables: AI Adoption, Credit Risk Assessment Efficiency. 

The regression model is statistically significant (F = 56.84, p < 
.001) and explains approximately 49.3% of the variance in 
lending decision quality. Both AI adoption (β = 0.421, p < .001) 
and credit risk assessment efficiency (β = 0.357, p < .001) 
emerge as significant positive predictors.  

6. FINDINGS  

1. A majority of respondents agree that AI improves the 
accuracy of credit assessment. 

2. AI adoption is associated with a marked reduction in loan 
processing time.  

3. Respondents perceive AI as moderately to strongly effective 
in minimizing default risk.  

4. AI adoption shows a significant positive correlation with 
lending decision quality.  

5. Credit risk assessment efficiency significantly predicts 
lending decision quality.  

6. FinTech and digital lending professionals report higher 
confidence in AI tools than traditional banking respondents.  

7. Real-time risk monitoring is rated among the most valued AI 
capabilities. 

8. Data quality and integration challenges are frequently cited 
barriers to AI adoption. 

9. Model interpretability concerns persist among mid-level 
credit officers.  

10. Organizations with structured AI training programs report 
smoother adoption.  

11. Regulatory and compliance considerations remain a key 
factor shaping AI deployment.  

12. Overall, AI adoption is positively associated with both 
efficiency and decision quality in lending. 

 

7. DISCUSSION  

The findings align with the broader literature suggesting that 
AI-enabled credit assessment improves both the speed and 
consistency of lending decisions. The significant regression 
results indicate that AI adoption is not merely a technological 
upgrade but a meaningful driver of decision quality when paired 
with efficient risk assessment processes. At the same time, 
recurring concerns around data quality, interpretability, and 
regulatory alignment suggest that the benefits of AI are 
conditional on organizational readiness and governance, 
consistent with prior findings on adoption moderators in Indian 
financial institutions. 

8. RECOMMENDATIONS  

1. FinTech companies should invest in explainable AI models 
to improve transparency for credit officers and regulators.  

2. Digital lending platforms should strengthen data governance 
frameworks to ensure input data quality.  

3. Banks should adopt phased AI integration, beginning with 
decision-support tools before full automation. 

 4. NBFCs should build internal AI literacy through structured 
staff training programs.  

5. Institutions should establish periodic model audits to detect 
and correct algorithmic bias.  

6. Firms should align AI-based credit models with RBI 
regulatory guidance on fair lending.  

7. Organizations should combine AI outputs with human 
oversight for high-value or borderline credit decisions. 

8. Lenders should invest in alternative data partnerships to 
extend AI-based assessment to thin-file borrowers. 

9. FinTech firms should benchmark AI model performance 
against traditional scorecards periodically.  

10. Industry bodies should develop shared standards for AI 
explainability and fairness in lending. 
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9. CONCLUSION  

This study indicates that Artificial Intelligence plays a 
significant and positive role in strengthening credit risk 
assessment and lending decision-making within India's FinTech 
industry. AI adoption is associated with faster processing, 
improved risk prediction, and higher-quality lending decisions, 
while challenges relating to data quality, interpretability, and 
regulatory compliance require deliberate governance. With 
appropriate investment in explainability, staff capability, and 
oversight, AI-driven lending practices can continue to enhance 
both efficiency and inclusion in India's evolving digital finance 
ecosystem. 
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